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EDUCATION

Hong Kong University of Science and Technology Sep.2021-June.2026 expected
Ph.D. in Economics

Ohio State University Sep.2020-Jun.2021
M.A. in Economics

Shanghai University of Finance and Economics Sep.2017-Jun.2020
Master of Economics in Quantitative Economics

Lanzhou University Sep.2013-Jun.2017

Bachelor of Economics

RESEARCH INTERESTS

Econometrics Theory, High-dimensional Statistics, Machine Learning, Applied Econometrics

WORKING PAPERS

o “Quantile Regression with Censored Selection and Many Controls” (Job Market Pa-
per), with Songnian Chen and Junlong Feng
Abstract: This paper develops a quantile regression model with censored selection in a high-
dimensional setting (HD-QRCS). We introduce a semiparametric nonlinear least squares type esti-
mator for the copula parameters, as an alternative to the estimator using the conventional method-
of-moments criterion. Our approach is based on the framework of the quantile selection model
proposed by Arellano and Bonhomme (2017). This method ensures convergence to the global min-
imum and avoids iterative procedures. Our estimation procedures consist of three steps: the first
two employ ¢1-penalized quantile regression and hard-thresholding in order to mitigate estimation
bias and achieve oracle rate of convergence. Lastly, we obtain copula parameters and coefficients
of interest. We establish uniform convergence rates for the proposed estimators and discuss the
properties of variable selection. Monte Carlo simulations show that our estimators perform well
under many controls. We apply our method to American Community Survey (ACS) data from 2001
to 2023 to study wage inequality.

e “Semiparatric Estimation of the Copula Parameter in a Quantile Selection Model”, with
Songnian Chen and Junlong Feng
Status: Reject and resubmit, Journal of Econometrics
Abstract: Arellano and Bonhomme (2017) (henceforth AB) developed a quantile selection frame-
work and proposed a two-step semiparametric estimator for the copula parameter, which character-
izes the extent of sample selection bias. In this paper, we propose a new semiparametric nonlinear
least squares type estimator for the copula parameter. Our approach differs from that of AB in

two distinct ways. First, unlike AB where they first estimate the copula parameter and the slope
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coefficients in the outcome equation iteratively since the latter depends on the former, our approach
breaks such dependence via a novel reparameterization scheme and avoids such iteration. This
greatly simplifies implementation and improves numerical results. Second, while the quantile se-
lection framework is characterized by a set of conditional moment restrictions, AB’s estimator of
the copula parameter is based on a finite number unconditional moment restrictions. In practice,
moment based estimator could encounter the global identification problem, leading to possibly poor
finite sample performance. In contrast, we take a semiparametric nonlinear least squares type ap-
proach, which works with conditional moments directly, essentially making use of an infinite number
of unconditional moment conditions. Our identification requirement is consequently common in tra-
ditional nonlinear regression analysis, and our identification result is expected to be more robust than
identification based on a finite number of moment conditions employed by AB. We show that our
estimator is consistent and asymptotically normal. Simulation results suggest superior performance

of our estimator over AB’s estimator.

o “Endogenous High-Dimensional Quantile Regression: A Control Function Approach”
Abstract: This paper presents a double selection estimator based on the Control Function approach
for estimating a high-dimensional Quantile Regression model with endogeneity (CFQR). We have
several advantages over the Instrumental Quantile Treatment Effect model (henceforth IVQR), which
was proposed by Chernozhukov and Hansen (2005). First, our model is computationally simpler
than high-dimensional IVQR under general conditions. IVQR relies on a hypothesized value for
coefficients of interest in the first step of estimation. The iterative nature of this process is costly,
especially when dealing with big data. In contrast, our methods use the function of residuals
obtained from the previous step as an additional exogenous control, which is more practical for
application. Furthermore, we provide inference methods for the coefficients of interest in endogenous
high-dimensional quantile regression models based on orthogonal score functions, which mitigate the
effects of moderate selection errors. Monte Carlo simulations also show that our estimator performs
well under high-dimensional controls. In addition, we could accommodate more than one endogenous
treatment depending on different economic settings. Finally, we employ our model to investigate the
impact of compulsory schooling on earnings using 1530 instruments for education based on Angrist
and Krueger (1991)’s research. We find that high-dimensional quantile estimates are smaller than

2SLS and OLS estimates. Schooling returns appear to be lower than in previous studies.

PROFESSIONAL EXPERIENCE

Rearch

o Research Assistant to Prof. Yao Amber Li, Department of Economics, HKUST (2021)
o Research Assistant to Prof. Yahong Zhou, Department of Economics, SUFE (2020)
o Research Assistant to Prof. Nianqging Liu, Department of Economics, SUFE (2019)

Teaching

o Teaching Assistant: Department of Economics, HKUST (2022-2025)
Applied Econometrics, Econometrics in Business: Strategy and Decision Making, Economics of

Innovation and Entrepreneurship, Environmental Economics, Micro Analysis



o Teaching Assistant: Department of Economics, SUFE (2018-2020)

Applied Econometrics, Advanced Econometrics, Advanced Microeconomics

Presentation

TAAE-Turin 2025, Seminar in SUFE 2024, Workshop in HKUST 2024

SKILLS

e Programming: R, Stata, Matlab, Python

o Language: Mandarin (native), English (fluent)

FELLOWSHIPS AND AWARDS

e HKUST RedBird PhD Award Sep.2023
o HKUST Postgraduate Studentship (PGS) Award Sep.2021
e Department of Economics Fellowship, the Ohio State University Sep.2020
e Shanghai University of Finance and Economics First Prize Scholarship Sep.2018
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